TELCO CASE STUDY

How to Retain 10K+ Customers
Using Al Predictions?

Executive Summary

Companies across various industries face similar challenges when it comes to customer retention in deregulated markets.
Traditional approaches fail to identify at-risk customers until it is too late to intervene effectively.

Backwell Tech implemented advanced predictive analytics based on artificial intelligence to transform reactive customer
management into a proactive retention strategy for a European telecommunications company that was managing significant
customer churn risk.

The implementation generated exceptional financial returns while radically changing the way the organization approached
customer relationships. Key results include substantial revenue retention, significant prediction precision, and increased
retention rate.

This case study demonstrates how Al-driven customer intelligence creates sustainable competitive advantages in
commoditized markets, transforming retention from a cost center to a strategic asset. Companies that are adopting predictive
analytics in both telco and other industries are achieving superior customer lifecycle management and great profitability.
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*This document provides a detailed methodology, implementation framework, financial analysis, and strategic recommendations that take into account
Al-driven customer retention initiatives. A useful case study for companies with customer churn challenges at scale.



Companies in industries such as retail, financial services,
banking, insurance, energy and utilities, e-commerce,
healthcare, transportation and mobility, and media &
entertainment face a €2.4 billion churn challenge. In
deregulated markets, annual churn rates range from 12-
15%, posing a significant threat to revenue through
customer attrition.

One mid-sized average company can lose 10,000
customers annually, equating to roughly €13.5 million in lost
revenue. With operating margins near 5%, this translated
into a €675,000 profit loss, excluding the high cost of
acquiring new customers.

Traditional retention tactics—such as surveys and payment
history monitoring—are largely reactive, identifying risk only
after customers have decided to switch.

Meanwhile, industries like telecom have cut churn by up to

20% through Al-driven predictions, turning retention from
cost into a strategic asset.

N
SIIN Company using traditional methods
| 8% CHURN REDUCTION

ﬂ" Company using predictive Al
3 20% CHURN REDUCTION

CURRENT DATA: 12-15% ANNUAL CHURN
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The Problem

A European telco provider approached us with a specific
challenge: prevent the loss of 10,000+ customers identified
as high-risk through traditional analytics. Their existing
methods (satisfaction surveys and payment history
analysis) were identifying churners too late in the decision
cycle.

Key risks included:

e €13.5M revenue at risk.

¢ High replacement costs per customer.

e Loss of market share in a fiercely competitive
environment.

Limitations of Traditional Methods:

e Surveys: Detect dissatisfaction only after churn occurs.

e Payment history: Signals financial trouble but misses
service experience issues.

e Manual segmentation: Overlooks subtle customer
behavior patterns.

¢ Slow reactions: Often too late to influence retention.

The Al Opportunity

Advanced ensemble models combining gradient boosting
with neural networks achieve 90% precision in churn
prediction,  significantly  outperforming conventional
statistics.

Real-time data processing enables prediction windows of
30-90-day lead time, allowing sufficient time for
intervention strategies.

Notably, 35% of customers at risk cited poor digital

experience, a factor Al can identify and help address in real
time.

THE BACKWELL TECH METHODOLOGY

~ 1. Multi-Source Data Integration:
(\@ Consumption patterns, payment histories,

service interactions, digital engagement.

2. Behavioural Pattern Analysis:
Machine learning identifies micro-changes

in customer behaviour.

l

3. Predictive Risk Scoring:
2'/ Calculate churn probability with

confidence intervals.

l

=\ 4. Intervention Strategy Optimization:
@ Personalized retention tactics based on churn
drivers.
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5. Continuous Model Refinement:
Real-time learning from intervention outcomes.
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Al SOLUTION FRAMEWORK

Advanced Predictive Analytics Architecture

Our approach combines multiple Al methodologies to
achieve superior prediction accuracy:

e Supervised Learning Models: Random forests and
gradient boosting algorithms trained on DATASET of
historical customer data, analysing consumption
patterns, payment behaviours, and service interaction
frequency.

e Unsupervised Learning Techniques: Clustering
algorithms identify customer segments with similar
churn propensities, revealing hidden patterns traditional
demographics miss.

e Deep Learning Applications: Recurrent neural networks
analyse temporal patterns in customer behaviour,
detecting subtle changes that precede switching
decisions by 1-3 months.

¢ Natural Language Processing: Sentiment analysis of
customer service interactions, social media mentions,
and survey responses provides early warning indicators.

INPUT ELABORATION

Key Technical Differentiators

Ensemble Learning: Our models combine multiple
algorithms, reducing false positive rates by 20-45%
compared to single-method approaches. This ensures
retention efforts target genuinely at-risk customers
rather than statistical noise.

Real-Time Processing: Stream processing enables
continuous risk assessment, updating customer churn
scores as hew data becomes available. Traditional batch
processing delays can miss critical behavioural shifts.

Explainable Al Integration: Each prediction includes
clear reasoning about contributing factors—payment
delays, service complaints, usage pattern changes—
enabling targeted intervention strategies.
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*Those data sets will depend on the case.

Ensemble Learning

Real-Time Processing

Explainable Al Integration

Data Streams Analysed

¢ Behavioural metrics: Consumption patterns, payment histories, service interaction frequency.
e Sentiment indicators: Customer service sentiment, digital engagement metrics, survey responses.
* External factors: Market pricing changes, competitive activity, seasonal variations.

Predictive models can identify potential churners with up to 85%-99% accuracy and a precision that can arrive also to 98%,
correctly identifying more than four-fifths of customers at genuine risk of defection. Companies implementing Al retention
strategies see 40% improvement in customer lifetime value within 18 months.



IMPLEMENTATION RESULTS (90 DAYS)

Al-Powered Transformation Results

TRADITIONAL METHODS Al-POWERED RESULTS
Prediction Precision Prediction Precision
o o,
56% 92%
A~ ~64% improvement
Net Retention Rate* Net Retention Rate
[+) [+)
83% 91%
A~ ~8% improvement
Lead Time Lead Time for action
Reactive 45 Days
Post-decision detection A~ Proactive prediction

Customer Satisfaction Customer Satisfaction

Baseline +14%

A~ significant improvement

90-Day Impact Highlights

Revenue Preserved: € 4.8M
Case Resolution: 30% Faster

Campaign ROI: 3.4x Improvement

ROI ANALYSIS

Direct Revenue Impact
¢ Revenue preserved: €6.5M annually
e Acquisition cost avoidance: €1.5M annually

ROI ANALYSIS - GRAPHIC

First-Year Financial Impact Analysis

Investment Break Down
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Return on investment
o,
742%
First-Year ROl Performance
Total Investment Payback Period Annual Net Benefit

€ 950K 2.4 Months €7.05M

ROI Calculation
¢ First-year net benefit: €7.05M (€8.0M - €950K)
e ROI: 742% in the first year

¢ Total direct benefit: €8.0M annually e Payback period: 2.4 months

Investment Breakdown

¢ Al platform implementation: €400K

¢ Data integration and setup: €250K

e Training and change management: €150K
¢ Annual operational costs: €150K

e Total first-year investment: €950K

Strategic Business Impact

¢ Comparative Analysis: With average customer acquisition costs reaching €320 per customer, while Al-powered retention
strategies cost under €50 per customer, the ROl case for predictive retention is clear. Proactively retaining existing
customers is not just more cost-effective—it's strategically smarter.

¢ Scaling Impact: For providers managing 100K+ customer portfolios, the economic benefits scale rapidly. Al systems
improve as datasets grow—prediction accuracy increases, while marginal retention costs decrease, enabling tens of
millions in revenue preservation at scale.

¢ Long-Term Value: Beyond reducing churn, predictive models enhance customer intelligence—powering dynamic pricing,
tailored product bundles, and frictionless digital experiences. These capabilities create long-term competitive moats and
drive higher customer lifetime value.

¢ Risk Mitigation: Al shifts customer retention from reactive firefighting to proactive relationship management. In
commoditized, price-sensitive markets like utilities, telco, energy, and others, this means greater resilience, lower churn
volatility, and sustainable margin protection over time.



Strategic Recommendations
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¢ Immediate Priorities (1 month): Conduct customer data ® ®
audit to assess Al readiness. Evaluate current churn el -1
prediction capabilities and identify high-value customer ®
segments for pilot implementation. :, &
L

¢ Implementation Phase (1-2 months): Deploy predictive
analytics for top-tier customers representing 60% of
revenue. Focus on customers with highest lifetime value Strategic Considerations:
and strongest churn risk correlation.
The integration of artificial intelligence into customer

e Scale and Optimize (1-3 months): Expand predictive retention represents business transformation, not merely
models across entire customer base. Integrate retention technological upgrade. Organizations that successfully
insights with pricing strategies and service delivery leverage predictive analytics establish  sustainable
optimization. competitive advantages in commoditized markets.

Next Steps: Leaders in the telco, energy, utilities and retail sectors who are ready to transform customer retention should begin
with pilot programmes targeting high-value customer segments. The technology and proven methodologies exist, and
competitive pressure continues to intensify.

Contact Backwell Tech to explore how Al-powered customer retention can protect and grow your customer lifetime value and
transform your profitability.
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